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CraTbst OCBsIIEHa MPUMEHEHHUIO TIporpaMMbl Wmatrix Kak COBpeMEHHOTO HHCTPYMEH-
Ta JJI1 KOMIBIOTEPHOIO KOHTEHT-aHajau3a MeauaTekcToB. Ha marepuane myOnukanumit
AMEPUKAHCKUX Ta3eT BBIABILIIOTCS KOTHUTHBHBIE KOHTEKCTHI, JIEKCHKO-CEMAHTHYECKUE
II0JISL ¥ TUIIOBBIE apryMEHTBI, IIepeAarolie KI0UYEBbIE CMBICIIOBBIE YCTAHOBKHU.
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Kniouesvie cnosa: MeIUMaIuHIBUCTHKA, KOHTEHT-aHAIN3, KOTHUTUBHBIM KOHTEKCT, JIEK-
CHKO-CEMaHTHUYECKOE T10JIe, MeIMapenpe3eHTallusl, TUIIOBOK apryMeHT, Wmatrix.

Haunbonee 3aMeTHBIMU TEHACHIIMSAMH B COBPEMEHHOW JTMHTBUCTUKE CTa-
JIU U3y4eHue HUQPPOBBIX MEIUMHBIX TEKCTOB M MCIOJIb30BaHUE HU(PPOBBIX
MHCTPYMEHTOB 00paboTku TekcTa. [lepBas TennaeHuus 6azupyercs Ha Io-
TPeOHOCTU Pa3pabOTKU METOJIOB M3YUYEHUsI CIIOCOOOB BO3/EUCTBUS Ha 00-
HIECTBEHHOE MHEHHUE C NMTOMOIIBIO SI3BIKOBBIX CPEJCTB B KAHAJIAX MaCcCOBOU
KOMMYyHUKaluu. Bropas copmupoBasiack B pe3yiibTaTe COSIUHEHUS KOM-
NbIOTEPHBIX TEXHOJIOTUH U METOAOB MHTEPHPETAIIMU TEKCTa. ABTOMATU3A-
usl mporecca coopa U 00padOTKU JIMHTBUCTHYECKUX JAHHBIX MO3BOJISET
HE TOJBKO YCKOPHUTH MCCIIEIOBATEIBCKYIO PabOTy, HO U TIOBBICUTH €€ 00b-
eKTUBHOCTh M BOCTIPOM3BOIMMOCTh. MccaenoBarensmMu ObUT anmpoOUpOBaH
KOMIUIEKCHBIM aHaJin3 TEKCTOB CTATEH, MOCBAIIECHHBIX bpasunuun, B amepu-
kanckux razerax The New York Times u The New York Post 3a 2019 u
2023 rox [4]. OH BKJIIOYAET UCIOJIb30BaHUE MporpaMMbl Wmatrix — oJiHO-
ro U3 Haubojee YHUBEPCAIbHBIX U (DYHKIIMOHAIBHBIX UHCTPYMEHTOB IS
KOMITBIOTEPHOTO KOHTEHT-aHayiu3a. Llenb cTtaTbu COCTOUT B MpejCTaBiie-
HUU PE3yJIbTATOB NPUMEHEHHS] KOMIBIOTEPHOIO KOHTEHT-aHaju3a ra3eT-
HBIX CTaTE€l HA OCHOBE IIporpaMMbl Wmatrix.

Wmatrix — 3T0 IporpaMMHBIN KOMILIEKC, pa3paboTaHHbli Ha Oa3e Jlan-
kactepckoro yausepcurera (UCREL), koTopblii TO3BOJISIET IPOBOIUTH aB-
TOMAaTUYECKYI0 Pa3METKy TEKCTOB Ha YPOBHE YacCTH PEYM, CEMAHTUUYECKOM
kareropuu (USAS), a Takke BBINOJHITH JEKCUKO-CEMAHTUYECKUM U KOH-
TeKCTHBIM aHanu3. [Iporpamma BkiIOYaeT B ceOsi BCTPOCHHBbIE (DYHKITUU
YaCTOTHOTO aHaJn3a, BBIACIICHHUS KII0ueBbIX cioB (keyness), cpaBHEHHS
KOPITYyCOB M MOCTpPOeHUs rpaduKoB Mo pe3ynbTataM oOpaboTku. Mcmonb-
30BaHHEe TOJOOHBIX MU(PPOBEIX TIaTGOPM 0COOCHHO aKTyaIlbHO TIPH pado-
Te ¢ OONBIIMMU O0ObEMaMU ayTEHTUYHBIX TEKCTOB, KOTJA TPAJAUIIMOHHBIC
METO/bl aHaliu3a OKa3bIBAIOTCS HeAaocTatouHo HdextuBHbiMU. [Ipo-
rpamMmMHOe oOecrieueHue Wmatrix OTKpbIBa€T BO3MOXXHOCTU JUIsI CHUCTEMa-
THU3alMHA U UHTEPIPETALUA CEMAHTUYECKHUX U MPArMaTUYECKUX XapaKTepu-
CTUK TEKCTa, YTO OCOOEHHO LIEHHO ISl MEIMaJTUHTBUCTUKU. Takol moaxoy
MO3BOJISIET OOBEAMHUTH KOJIMYECTBEHHBIM M Kaue€CTBEHHBIM aHaAIU3, o0ec-
NeYnBasi KOMIUJIEKCHOE MTOHUMAHUE JIMHTBUCTUYECKUX MEXAHU3MOB, 3a1€ii-
CTBOBAaHHBIX B MEIMAPETIPE3CHTAIUY.
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Puc. 1. Jlekcuko-cemanTuueckue moJisi (JICII) maTpunsl Bpa3uiusi, BblaeJgeHHbIE
NpH noMouy nporpammsl Wmatrix no matepuaiam raserbl The New York Times (2023)

OcHOBHOE MpeuMyIiecTBO Wmatrix — 3T0 BO3MOXHOCTh aHajil3a TEK-
CTOB Ha CEMAaHTUYECKOM YPOBHE: KaKJIbIH JICKCEMHBIN 3JIEMEHT aBTOMATH-
YECKH COOTHOCHUTCS C OINpeeEHHON ceMaHTUUecKoi kaTeropueit. Onupa-
sacb Ha omnpenenenue FO. H. KapaynmoBa, coriiacHo KOTOpOMY JIEKCHUKO-
CEMaHTHYECKOE TI0JIC TIPEACTABIIICT COOOM IPYIIy CJIOB, 00JQTA0NINUX Ce-
MaHTHYECKHUM CXOJICTBOM M SIBJISIOIIUXCS PA3IUYHBIMHU CIIOCOOAMHU BBIpa-
YKEHHsI OJTHOTO M TOTO e S3BIKOBOTO MOHATHSA [1], mpeacraBisieTcss 00oc-
HOBAHHBIM Ha3bIBaTh BBISBJISIEMBIC MPOrpaMMorl Wmatrix Tpynibl JEKCEM
MMEHHO JieKcuko-ceMantuueckumu nossimu (JICII) (puc. 1). DTo no3souis-
€T BBIJICJIUTH JICKCUKO-CEMaHTUUECKUE IO M COCTABJISAIONINE UX JIEKCHUYe-
CKHE €JMHUIbI, XapaKTepHble Il MaTepuanoB o bpaszunuu B amepukan-
ckux raszerax The New York Times m The New York Post, a Takxke BbI-
SIBUTh, OOpallleHne K KAaKUM KOTHUTHUBHBIM KOHTEKCTaM PEaIM3yeTCs B Me-
nua pernpedeHtauuu bpasunuu B pasusie nepuoasl (2019 u 2023 rr.) (puc.

2) [2].

wWord Semtag Freguency Relative l§I.lll’lmary information:
Freguency

fraud Gz.1- 32 0.04 Concordance [Number of types shown: 67

eriminal G2.1- 26 0.04 Concordance [lOtalfrequency of types shown: 228 (0.31%)

stolen G2.1- 25 0.03 Concordance |IOtal frequency overall: 74229

erimes G2.1- 17 0.02 Concordance

crime e2.1— 12 0.02 concordance |[Number of items shown with a given frequency:

plot . G2.1- 8 0.01 Concor dance Frequency Types Tokens

conspiracy c2.1- 6 0.01 Concordance

illegal G2.1- 6 0.01 Concordance g S0/(53.21%6) SO (17-115%)

felony 2.1 & 0.01 Concordance | |2 12(17.91%) 24 (10.53%)

illegally G2.1- 6 0.01 concordance |3 3 (4.48%) 9 (3.95%)

broke_into G2 .1 4 0.01 Concordance |4 3 (4.48%) 12 (5.26%)

terrorism cz.1- a 0.01 Concordance |5 (0.00%) (0.00%)

vioclation G2 .1— 4 0.01 Concordance |6 4 (5.97%) 24(10.53%)

wrongdoing G2.1- 3 0.00 Concordance (7 (0.00%) (0.00%)

stole G2.1-— 3 0.00 Concordance |8 1 (1.49%) 8 (3.51%)

steal G2.1- 3 0.00 Concordance |9 (0.00%) (0.00%)

stealing G2.1- 2 0.00 Concor dance |10 (0.00%) (0.00%)

injustice G2.1- 2 0.00 Concordance |>10 5 (7.46%) 112 (49.12%)

robbed G2.1- 2 0.00 Concordance

terrorists G2.1- 2 0.00 Concordance

break_into G2.1- 2 0.00 Concordance

fraudulent G2.1= 2 0.00 Concordance

breaking_the_law G2.1- 2 0.00 Concordance

racketeering G2 .1- 2 0.00 Concordance

terrorist G2.1- 2 0.00 Concordance

vandalism G2.1= 2 0.00 Concox dance

robberies G2.1- 2 0.00 Concordance

cutlaws G2.1- 2 0.00 Concordance

against_the_law G2.1— 1 0.00 Concordance

criminality G2.1- 1 0.00 Concordance

conspiring G2.1- 1 0.00 cConceordance

looting G2.1- 1 0.00 Concordance

subversive G2.1- 1 0.00 Concordance

kidnappings Gc2.1- 1 0.00 Concordance

offenses G2.1- 1 0.00 Concoxr dance

suspects G2.1- 1 0.00 Concordance

rape G2.1- 1 0.00 Concordance

is_up_for G2.1- 1 0.00 Concordance

theft G2.1- 1 0.00 Concordance

treason G2.1- 1 0.00 Concordance

guilty G2.1-— 1 0.00 Concordance

Puc. 2. Ennnunst JICII Crime, peanusyembie B razere The New York Times (2023)
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B uccnenyembix razeTHbIX MyOnMKanusx 3a oba mepuoja ObUIO ycTa-
HOBJICHO HAJIMYME PsAJia BEAYLIUX KOTHUTUBHBIX KOHTEKCTOB, KaXKIbIH U3
KOTOPBIX KOPPEJIUPYET C ONPEACIEHHBIMU JTEKCUKO-CEMAaHTUYECKUMHU 10~
JISIMH.

1) KoruutuBHblil KOHTEKCT Social Dynamics peanusyercs uyepe3 Takue
JIEKCUKO-CEeMaHTHYeCKue 1o, Kak Personal Names, Belonging to a
Group, Dead u Helping.

2) KoruutuBHbIli KOHTEKCT Geography mpencTaBieH aKTUBHBIM (DyHK-
IIMOHUPOBAHUEM JIEKCHKO-CEeMaHTH4Yeckux mojeit Geographical Names,
Places u Geographical Terms.

3) KoruutusHblil kKOHTEKCT State Organisation CBsI3aH ¢ TAKUMU JICKCH-
KO-CEMaHTHYEeCKUMHU NoIsAMHu, kKak Government, In Power n Politics.

4) KorHuTuBHBIN KOHTEKCT Education mpeAcTaBieH B MaTepuanax ye-
pe3 JIEeKCUKO-ceMaHTruueckoe none Education.

5) KornutuBHblli KOHTEKCT Ecology dopmupyercss 3a CYET JIEKCHKO-
ceMaHTH4ecKuX noje Temperature: Hot/on fire u Green Issues.

6) KorHuTHBHBIN KOHTEKCT Justice MPOSIBISIETCS YEPE3 SAMHUIIBI JIEKCH-
KO-ceMaHTUuYecKux nosnie Law and Order, Warfare: Defence and the
Army/Weapons, Violent/Angry, Crime n Hindering.

B coueranuu ¢ aHaJIM30M KOHKOpPJAHCA (KOHTEKCTYaJIbHOTO OKPYKEHUS
KITFOYEBBIX JICKCEM) HUCTIONB30BAHUE MPOTPaMMbl Wmatrix O3BOJISIET TTy0-
K€ MPOHUKHYTh B TUIIOBBIE CTPYKTYpPbl MEIMAPETPE3CHTAIIMU U BBISIBUTH
MEXaHU3MBbl (HOPMHUPOBAHUS YCTOMYHMBBIX CMBICTOB (pHC. 3). OnHuM U3 Ta-
KHX MEXaHHU3MOB SIBIISIETCS] THIIOBAsl apryMEHTalMsl, B OCHOBE KOTOPOM Jie-
KaT TOBTOpSIOIMECS AOCTPAKTHBIE CTPYKTYpPbl — THUIIOBBIE apryMEHTBHI.
Kax1p1ii TUIOBOM apryMEHT BKJIFOUAET TPHU JJIEMEHTA: TaHHbIC, IPABUJIO U
BBIBOJI; TIPU ATOM JIaHHBIE MOTYT OBITh BBIPAKEHBI UMILIUIIUTHO, a MPABUIIO
MOeT ObITh onyiieHo [3]. [loBropseMoCTb CTPYKTYpPHI «JIaHHbIE — IIPABU-
JIO — BBIBO/I» CIOCOOCTBYET 3aKPEIJIEHUIO B COBHAHUM ayIUTOPHUM OIpe[ie-
JIEHHBIX UHTEPIPETALUNA U CMBICIIOB.

Full
Full
Full
Full
Full
Full

sand people have been convicted of crimes against humanity in our neighboring 12 More
rs of the dictatorship hint at the crimes of the other side the leftist guerr 13 More
military never apologized for its crimes . On the contrary , it still celebr 14 More
uch posts could effectively incite crimes , and thus the court should investi 15 More
ndowski said . Those who committed crimes against the public have to stay out 16 More
ovement co-organizer , of inciting crimes with his call for new occupations , 17 More

17 occurrences. Extend context

s from horseback and filming their crimes as they committed them . We always 1 More | Full
sts and will pay for the committed crimes . Rita Lee , Brazils Queen of Rock 2 More | Full
nvestigating potential Russian war crimes in Ukraine . But when he arrived at 3 More | Full
circles . He was charged with hate crimes , but the case was later dismissed 4 More | Full
of spreading Nazi ideology . Both crimes can lead to yearslong prison terms 5 More | Full
e could be charged with committing crimes against democratic institutions or 6 More | Full
ermath would pay for the committed crimes . Mr. Lula signed an emergency decr 7 More | Full
. Bolsonaro should be charged with crimes against humanity for his handling o 8 More | Full
dictatorship-era torture and other crimes and a review of the law that provid 9 More | Full
ad committed politically motivated crimes in the previous two decades , cover 10 More | Full
have ever been punished for their crimes . Thats why Brazilians can not watc 11 More | Full

|

|

|

|

|

|

Puc. 3. llpumep konkopaanca sigpa JICII Crime B razere The New York Times (2023)
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[Ipumepom peanuzauud NONOOHOW CTPYKTYphl —CIY>KUT — apry-
MeHT «bonconapy — ynempanpaselii noaumuxy, BbISIBICHHBIA BO BCEX HUC-
cinenyembix razerax. B nmyOnukauusx The New York Times u The New
York Post monutuueckas npunajuiesxknocts JKaupa bonconapy mapkupy-
€TCs SIBHO OLICHOYHOM JIEKCUKOW C HEraTUBHOM KOHHOTALUEH:

e ‘Mr. Bolsonaro, a far-right populist and climate change skeptic’
[NYT 2019] («I'-u bonconapy, ynbTpanpaBblii HOMYJUCT U CKENTUK B BO-
pocax U3MEHEHUS KIINMaTa);

o ‘Controversial far-right politician Jair Bolsonaro wins Brazil’s
presidential election’ [NYP 2019] («IIpoTuBOpeunBbIi yabTpamnpaBbiii MO-
mutuk JKaup bonconapy noOexaaeT Ha Npe3uIeHTCKUX BbiOOpax B bpasu-
JTUNR).

Jlannabie ¢parMeHThl JEMOHCTPUPYIOT ucnoib3oBanue eaunui JICII
Politics (far-right populist, politician) B codeTaHUM C SMOTUBHO OKpaIlleH-
HBIMM HOMUHaUUAMH (controversial), KOTOpble OJHOBPEMEHHO MH(OpPMU-
PYIOT U (QOPMUPYIOT Yy YHUTATENsl ONPEAEIEHHOE OLEHOYHOE BOCIPHUSITHE
¢urypsl K. bonconapy. Takum 006pa3om, CTpyKTypa apryMeHTa CTPOUTCS
cienyomuM o0pa3om: ¢(akT (ykazaHuhe Ha MOJIUTHYECKYI0 OPHUEHTAIIMIO)
— MpaBUJIO (CBS3b YJABTPANPABBIX B3IJIAJIOB C ONPEACIIEHHBIM THUIIOM I1O-
JUTUYECKOTO TOBECHUS) — BBIBOJ ((hOPMHUPOBAHNE KPUTHUECKOU OLIEHKHU
JUYHOCTH MOJINTUKA).

Taxum o6pazom, Wmatrix MOKeT pacCMaTpUBaThCS KaK YHHUBEPCAIbHbBIN
WHCTPYMEHT IJIsi MccieaoBareneld, paboraromux ¢ Meauarekcramu. OH
MO3BOJISIET HE TOJIBKO KJIACCHU(PHUITUPOBATH S3BIKOBBIC €AMHUIIBI, HO U WH-
TEPIPETUPOBATh UX B KOHTEKCTE KOTHUTUBHBIX CTPYKTYpP, UICOJIOTHYE-
CKHX YCTAaHOBOK M >XaHpOBO#l cmeuuduxu. B 3akmoueHne MOXHO OTMe-
TUTh, YTO MCIOJIb30BAHHE MPOTPAMMHBIX IIATPOPM KOHTEHT-aHAIU3a HE
3aMEHSIET MHTEPIPETALMIO, HO CO3/IaET MPOUYHYIO KOJUYECTBEHHYIO U KaTe-
rOpUajIbHYI0 OCHOBY JUISl TMHTBUCTHYECKUX BBIBOJIOB, OCOOCHHO B HCCIIE-
JIOBaHUH TMHAMUKHU CMBICJIIOB B MEIUAIUCKYpCE.
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The article explores the use of Wmatrix as a modern tool for computer-assisted content
analysis of media texts. Drawing on material from American newspaper publications,
the study identifies cognitive contexts, lexical-semantic fields, and typical arguments
that convey key ideological and semantic frameworks.
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